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The Spring 2023 issue of the International Journal of Microsimulation contains a selection of articles 
presented at the 8th World Congress of the International Microsimulation Association, that took place 
online on 1- 3 December, 2021. The full program of the conference is available at https://www.micro-
simulation.ac.uk/about/events/2021/09/17/ima-2021/.

The first article is drawn from the keynote lecture by Nora Lustig, and co- authored by Valentina 
Martinez Pabon, Federico Sanz and Stephen D. Younger. They propose an ingenious nowcasting 
method to quantify the impact of large, unprecedented macroeconomic shocks like the COVID- 19 
pandemic on living standards across the income distribution. The method is based on two key assump-
tions: (i) some workers are not at risk of losing income (e.g. “essential” workers), and (ii) a fraction α  
of those at risk loses a percentage  β  of their income, with  β  being homogeneous in the population: 
for instance, 90% of those at risk lose 20% of their income, or 60% of those at risk lose 40% of their 
income. Parameters α  and  β  are then selected in order to match macro- economic projections. This 
allows to nowcast incomes in a household survey, which then permits a quantification of the distribu-
tional impact of the shock, pre- and post- taxes and benefits.

The second article, by Jannek Mülhan, looks at the question why inequality remained constant in 
Germany, between 2014 and 2015, despite a dramatic increase in employment. It finds that inequality 
would have increased further due to rapid population ageing, but increasing employment and policy 
changes almost completely offset this development. The paper offers a decomposition exercise à la 
Bargain and Callan (2010), but using a double hurdle model instead of an unrestricted labour supply 
model to estimate behavioural responses. The decomposition distinguishes between a policy effect, 
a wage effect, an indirect policy effect, an indirect wage effect, a preference effect, a restriction 
effect (the first unemployment hurdle), a population effect, and income growth. The paper shows that 
employment growth due to the reduction in involuntary unemployment (the first hurdle) has been 
more important in slowing down the increase in inequality than changes in labour supply (the second 
hurdle).

The third article, by Claire Keane, Karina Doorley, Theano Kakoulidou, and Seamus O’Malley, is a 
long- awaited description of the SWITCH tax- benefit model for Ireland, developed and maintained 
by the Economic and Social Research Institute (ESRI). SWITCH is based on the EUROMOD platform 
but has important advantages over the Irish component of EUROMOD, including a “current income” 
concept, detailed information on benefit receipt in the underlying data, and modelling of non- cash 
benefits. The authors offer to share the model, but given that it runs on administrative data, restric-
tions on data access apply.

The next article, by Katri Aaltonen, Jussi Tervola, and Pekka Heino, studies the effects of healthcare 
payments on poverty outcomes in Finland. They do this by linking the tax- benefit microsimulation 
model SISU —-developed and maintained by Statistics Finland— with administrative healthcare data. 
This allows the authors to attribute health payments based on individual characteristics.

Finally, the article by Benedikt Goderis and Marente Vlekke uses a tax- benefit model combined with 
a structural labour supply model to analyse the poverty- reduction effects of several policy proposals in 
the Netherlands, including a UBI scheme. Their results point to the usual social trilemma faced by poli-
cymakers in modern welfare states: to simultaneously provide adequate minimum income support, 
maintain sufficient financial incentives for people to find a job, and keep the government budget in 
check.
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Suggestions for further reading
In the tradition of spatial microsimulation modelling, Wu et al. (2022) describe an interesting Java 
based application, called the Flexible Modelling Framework (FMF), which incorporates a static spatial 
microsimulation algorithm based on Simulated Annealing. The software is made available for free 
under a GNU General Public Licence, and the R code for generating, aggregating, and validating the 
synthetic microdata is also available.

The importance of a spatially disaggregated analysis is highlighted in a model of the COVID- 19 
epidemics (Spooner et al., 2021). The model combines spatial microsimulation and spatial interac-
tion models within a dynamic SEIR (Susceptible- Exposed- Infected- Removed) approach to project (i) 
daily, individual- level mobilities, and (ii) the impact of different non- pharmaceutical interventions (NPI) 
based on the complex health, socio- economic and behavioural attributes of the British population.

Beyond COVID- 19, new health microsimulation models continue to appear in the literature. An 
interesting scoping review of microsimulation models of diet and diverse food policies on non- 
communicable diseases (NCDs) is provided by Mertens et al. (2021). They point to a wide variety of 
methodologies used for quantifying the effect of dietary changes on disease, and for modelling the 
disease incidence and mortality.

Cancer applications also flourish. Yong et  al. (2022) describe a breast cancer microsimulation 
model calibrated to Canadian data, while Lu et al. (2022) describe a dynamic model for the preven-
tion and intervention of colorectal cancer (CRC) in China. They show that a wide range of screening 
strategies reduce incidence and mortality, compared to non- screening.

In another application to CRC, but this time with a more methodological flavour, DeYoreo et al. 
(2022) present a Bayesian technique for sequentially updating dynamic microsimulation models, 
which could be applied to other settings. Related, Shewmaker et al. (2022) offer an R tutorial on the 
Approximate Bayesian Computation (ABC) approach to calibrating microsimulation models.

The problem of calibrating microsimulation models is also investigated in Hughes et al. (2022), 
who present a novel non- parametric machine learning approach, and apply it to the Australian farming 
sector.’

As usual, if you wish to share your suggestions for further reading, email the Editor.
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